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Above Wenzhou-level Industrial Enterprise Financial Evaluation

based on Factor Analysis

JN Shuoyuar?, TANG Qinfang®
(a.Accounting School; b.School of Public Economics and Administration, Shanghai University of
Finance and Economics, Shanghai, 200439, China)

Abstract: In order to strengthen the financial management and improve the comprehensive competitiveness of
enterprises, afinancial evaluation index system is established with the industrial enterprise financial index of 11
counties including cities and districts in 2011 as the research sample. Applying the factor analysis method, an
empirical analysis and a comprehensive evaluation is made. The results show that the above Wenzhou-level indus-
trial enterprises should strengthen the enterprise debt management, accounts receivable management and risk
management, enhance the debt paying ability, profitability, operation ability, growth ability, and adhere to scientific
and technological innovation to ensure the constant development of enterprises.
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